Impact qf Learning Intervent ons: A n An c'_;tl ytics Case %, ) S .Y ‘P o PURDUE -
Study with the Top School District in Indiana el =tmat ||| | G 1 A

UNIVERSITY CONFERENCE

'I” ' HousTON

Michael Jonelis, Alejandro Brillembourg Cuenca, Vivek Rao, Rupal Bilaiya, METHODOLOGY STATISTICAL RESULTS EXPECTED IMPACT
Sriya Musunuru, Dr.. Yang Wang

Purdue University, Krannert School of Management _ _ _ _ _ _ _
mjonelis@purdue.edu; abrillem@purdue.edu; rao161@purdue.edu; rbilaiya@purdue.edu; Average Score Above 'High-Risk' Threshold Understanding how different students react to each intervention can generate higher

musunuru@purdue.edu; yangwang@purdue.edu Difference in Differences: Summer Program Participants vs. Control Group academic gains. A one-size-fits-all approach is rarely appropriate in education. Below
ﬁ 8. . we can see that each of the five identified clusters experience different gains from
: tutoring by full-time teachers.
ABSTRACT - ~ " : conrol o .
Data RAW DATA . - After performing similar analyses for the other treatments, the client can offer each
The COVID-19 pandemic disrupted education worldwide. Students missed out on in- Preparation oo recced iy 26.6 : student a tailored approach based on their unique characteristics.
ap reduce Y ] (0] =

o)
Uiey

o

person instruction and their performance saw a sharp decline. Our client — a school
district in Indiana with more than 15,000 students — looked for creative ways to combat
learning loss. In order to increase academic gains in this new environment with pre-
existing systemic inequities, our client implemented two sets of treatments: summer
school and three concurrent tutoring interventions. 3,500 students attended summer
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school and 1,400 students received some kind of tutoring. Tutoring was offered through 107 rreatment  |®

school teachers (most used), contract teachers, and an external vendor (least used). | = , 52.96
Through this study, our client would like to measure the effect of each of these treatments “ Q 9.49

on students’ academic performance. 0! Gap reduced by 11.1 %
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how seriously the U.S. government and its citizens take this service. School districts
should “collaborate with additional educational resources to tailor instruction for the
Individual or small groups, in particular those with specific learning needs” (Indiana
Department of Education, 2021). There Is no one-size-fits-all approach to education and
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